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SANJAY MISHRA, U. N. UMESH, and DONALD E. STEM, JR.*

Many researchers have demonstrated the existence of an attraction effect that
increases the choice probability of an existing "target" brand by the introduction
of a relatively inferior "decoy" brand. This study develops a causal model that links
antecedent variables with the attraction effect. We find that the attraction effect is

explained to a considerable extent by changes in the following seven variables: (1)
information relevance or stimulus meaningfulness, (2) product class knowledge, (3)

task involvement, (4) perceived similarity between decoy and target, (5) relative

brand preference, (6) share captured by decoy brand, and (7) perceived decoy
popularity. The overall results were consistent across product classes studied, which

included beer, cars, and TV sets. The popularity explanation for attraction effect,

alluded to by Huber, Payne, and Puto (1982), was tested and found to hold true.

Antecedents of the Attraction Effect: An

Information-Processing Approach

Huber, Payne, and Puto (1982) define the attraction

traction effect. Brands X and Y constitute the core choice

effect as an increase in the probability of consumer choice

set (i.e., only these two brands are present initially). Brand

of the target brand when an asymmetrically dominated

W is an asymmetrically dominated alternative: W is inferior (or equal) to X on both dimensions but is better

alternative is introduced. Given that the attraction effect

is a real-world phenomenon, not just an experimental than Y on the vertical dimension 2. Given a choice set
consisting of X, Y, and W, it is unlikely that W would
ing of the attraction effect will enable consumer re- be chosen; therefore, it is referred to as a decoy. On the
searchers to design consumer choice experiments more basis of the similarity concept, which suggests that com-

artifact, what factors influence it? A better understand-

carefully by (1) controlling for influential factors in the
petition is greatest from the most similar brand, X is rechoice task and (2) estimating the nature and magnitude ferred to as the target and Y is referred to as the comof the effect of these factors on the choice task. Simipetitor. To summarize, the choice set includes three kinds
larly, practitioners would want to consider these factors
of brands: the target, X, the competitor, Y, and the dein designing a marketing strategy by taking advantage of
coy, W.
the attraction effect. For example, when a new brand isAn attraction effect occurs if the introduction of an
being introduced, is cannibalization the major issue to
asymmetrically dominated alternative, W in Figure 1,
consider? Can a new brand have a positive effect on the
increases the choice probability of the dominating target,
existing brand? Will the strategy of introducing a "deX. This phenomenon, which has been observed in a
coy" be more relevant for a product class with high or
number of studies, violates basic tenets of choice models
low brand loyalty?
(Huber, Payne, and Puto 1982). Some have proposed
Figure 1 is a diagrammatic representation of the atthat the attraction effect is observed because of the ambiguity of the information presented about the products
and their attributes (cf., Ratneshwar, Shocker, and Stewart
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This ambiguity could be the result of respon-
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Figure 1
DIAGRAMMATIC ILLUSTRATION OF THE ATTRACTION
EFFECT

cuss how they relate to the attraction effect in a causal
model framework. Next, the results of the hypotheses
and their implications will be examined.
OVERALL FRAMEWORK FOR A CAUSAL MODEL

Attribute
Dimension 2

The attraction effect is viewed as a complex interplay

of decision-making factors. Huber and Puto (1983) have
presented a simplification argument that might underlie
the attraction effect. The simplification might result in

w x

---. . ---@

the decoy brand being used as an anchor to make comparisons resulting in a "local" superiority of a target brand
rather than the competitors' brand. Simonson (1989) has
viewed simplification from the standpoint of consumers'
justifying their decisions. By the very nature of the attribute design, the target is the easiest to justify and tends

to be chosen-leading to the attraction effect. Similarly,
Huber, Payne, and Puto (1982) suggest that the evalu-

SY

ation of two brands-one dominant and the other infe-

rior-is relatively simple for the respondent. Conse-

!I'

quently, the respondent might choose the dominant brand,
which is the target, and end the decision making at that
stage, even if there was some other brand in the market

that was more desirable. This process leads to the obAttribute
Dimension 1

served attraction effect. These arguments suggest that the
attraction effect results from certain processes of deci-

sion making which are likely to be influenced by a simultaneous interaction of task, respondent, and objectrelated variables. This distortion in decision making is
related to factors such as knowledge, popularity, decoy
In conclusion, the results of the tests of the attractionsimilarity, task involvement, and information relevance.
A causal model can best capture the effect of these aneffect are mixed, suggesting the need for further study
tecedent factors, because a simple linear model would
in the area. The attraction effect has been viewed as a

Note : X and Y constitute the core set. W is a range increasing decoy for X.

ignore the interrelationships that result from the complex
situation of imperfect choice or a choice anomaly (cf.,
decision processes.
Huber and Puto 1983; Ratneshwar, Shocker, and Stewart 1987; Simonson 1989; Simonson and Tversky 1992).

This view suggests that there should be minimal attrac-The Antecedent Variables
tion effect in the situations of relatively high consistency

and quality in the decision process.

Researchers in the area of choice and preference have

suggested several moderating variables that influence
PURPOSE OF THE STUDY
decision making (Alba and Hutchinson 1987; Bettman
1986; Cohen and Chakravarti 1990). Since the attraction
This study differs from previous research ineffect
a number
is an outcome of the consumer decision-making
of ways. Previous research has verified the existence
of
process, similar
antecedent variables are likely to influthe attraction effect (cf., Huber, Payne, and ence
Puto
1982;
this
process. A model describing the relationships
between
the antecedent variables and the attraction effect
Huber and Puto 1983; Simonson 1989). Our aim
is to
build on this line of research by examining isthe
effect
presented
in Figure 2. Constructs are either exogenous
of various antecedent variables on the attraction effect
or endogenous. As a rule, a construct with an arrow
and testing the popularity explanation. Second, we use
pointing toward it is an endogenous variable. (For the
the number of points allocated on a constant sum scale,
sake of simplicity, we refrain from using the conventional Greek letters for these constructs.) Indicators or
rather than the most preferred choice, so as to study
the phenomenon at an individual level (Hauser and
measures of exogenous constructs are represented as Xs
Shugan 1980).
and those of endogenous constructs are Ys. In this figConsequently, this paper will proceed as follows: First,ure, the directional relationships represented by the in-

we will discuss the overall processes that appear to dividual
be
paths that lead to the attraction effect provide
influencing the attraction effect phenomenon. Second,
the hypotheses. Next, a point-by-point discussion of each
independent variable and its effect on the attraction efwe will present specific antecedent constructs and dis-
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Figure 2
CAUSAL MODEL FOR THE ATTRACTION EFFECT
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NOTE: Numbers in boxes refer to path numbers used in the text.

fect is presented. Interrelationships between the inde-ture should be a clean and stable one. Therefore, we
pendent variables are also discussed.
postulate that the attraction effect should be reduced when
the presented information is deemed more relevant (path

1. Perceived Information Relevance

7 in Figure 2).

H1: The attraction effect will be diminished with in-

Relevance is defined as the degree to which the prodcreased levels of perceived information relevance.
uct stimulus information is useful in distinguishing between objects in the choice set (Ratneshwar, Shocker, The level of involvement with the task will determine
and Stewart 1987). For example, the description, "Ridehow meaningful the respondents find the information.
quality = 40: Bumpy ride and tosses like a baby buggy,"Respondents for whom the task is irrelevant and for whom
elaborates on the description, "Ride quality = 40." Re-very little is at stake in the choice task will find little
searchers in adaptive decision making suggest that theuse for the information and will be reluctant to expend
perceived diagnosticity and accessibility of the relevantthe effort necessary to extract any meaning from it. On
information will alter the inference process used (cf., Dick,the other hand, respondents who feel the choice task is
Chakravarti, and Biehal 1990). If the information pre-important to them will not only find the information to
sented makes less sense to a person, it is more likely be more helpful in evaluating the available brands but
that such a person will resort to a decision-simplifyingwill also make an extra effort to assimilate the inforparadigm. On the other hand, if the presented informa- mation in a form that is useful and relevant to the task
tion is perceived as relevant, it should facilitate the de-at hand. Therefore, task involvement will have a positive
cision-making process, and the resulting decision struc-effect on perceived information relevance (path 5).
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2. Product Class Knowledge

making (Johnson and Payne 1985; Payne 1982). Most
of the choice mechanisms that have been purported t
Kotovsky and Simon (1990) mention
that people
yield intransitivities
are basedwith
on the notion of shifting
less knowledge find it more difficult
to
assimilate
attention or switching dimensionsthe
from one choice to an

information presented into theirother
decision-making
frame(Tversky 1969). In this
process, some relevant in

work because the problem is too
difficult
for
them. is ignored or dis
formation
describing
the alternative

Knowledge is a source of problem
difficulty.
People
who
carded
in particular
choice sequences.
Because of a lac
have enough knowledge about the
product
class
will
of involvement, the respondent has be
difficulty in making
better equipped to solve the problem.
people
should
a choiceThese
and resorts
to heuristics.
For instance, in th

be less likely to exhibit the attraction
We use
a
framework effect.
of Huber, Payne,
and Puto
(1982), the re
two-dimensional structure for spondent
knowledge,
as a proposed
might choose
locally superior brand, the tarby Alba and Hutchinson (1987,get
p.
411):
brand.
This heuristic ignores the competitors' brand

in the evaluation.
A person
We propose that consumer knowledge
has two
ma- who is less involved with
theexpertise
task will not ...
consider
jor components: familiarity and
Fa- the experiment stimulatin
miliarity is defined as the number
enough
ofproduct-related
to spend the effort to make a good decision an
experiences that have been accumulated
by
thetoconwill be more
likely
demonstrate the attraction effect

sumer. Expertise is defined as the
ability
to perform
(path
6).
product-related tasks successfully.

H3: The attraction effect will be higher for respondents

are less involved
with the
choice task
Park and Lessig (1981) have noted who
that,
at low
levels

than for

those who are more involved.
of familiarity, consumers are not discriminating
enough
in their choices. Consequently, such people are more likely

to exhibit the context effect, i.e.,
their
choice
depends
4. Perceived
Decoy
Similarity
on how the alternatives are presented. Hence, one exThe traditional
similarity
pects that the attraction effect will
be higher
for hypothesis
people requires that a
newly introduced
brand will take away market share,
who are less familiar with the product
category.
disproportionately,
from brands
that are most similar to
Similar arguments can be made
for observing
a lower
it
(Tversky
1972).
However,
Huber,
Payne, and Puto
level of the attraction effect for people with higher ex(1982) observe
attraction effects
in violation
of the simpertise levels (if they exhibit the
phenomenon
at
all).
ilaritythe
hypotheses.
Some degree of
similarity is a necExperts are better able to assimilate
information
preessary condition
for the attraction
effect to
sented. Consequently, the experts
are likely
to have
a occur. Huber,
Payne,
and Puto
found
that decoys
that were most simclear and stable decision structure,
and
their
choice
will
ilar to theof
target
the largest(irmagnitudes of the
not be affected by the introduction
a produced
dominated

attraction effect vis-i-vis
the target.
Similarly, the exrelevant) decoy. Therefore, respondents
with
more
perimental
results
of Huber
Puto (1983) suggest that
knowledge-high familiarity and
a high
level
ofand
product
the greater
the similarity,
the stronger the observed atclass expertise-would demonstrate
a lower
attraction
traction 2,
effect.
Similarity
has the potential to influence
effect. As shown in path 4, Figure
we
hypothesize:
attraction effect in a number of ways. The presence of
H2: The attraction effect will be
lower
for
respondents
similar
objects
can increase
the cost of thinking (Shugan
who have more knowledge about the product category.

1980), cause a target brand to be viewed as locally su-

perior, or force a respondent to make a compromise de-

cision (Simonson 1989).(expertise
All of these factors can lead to
Knowledge is viewed as a two-dimensional
an
observed
attraction
effect.
In most regions (with the
and familiarity) latent construct (Alba and Hutchinson
exception
of
a
small
region
around
the target where tar1987). As a result, paths 1 and 2 show the knowledge
get and decoyexpertise
are virtually indistinguishable),
the Huber,
construct as driving the respondents'
and faPayne, and
Puto (1982)
principle is expected
to hold;
miliarity. According to Rothschild
(1979),
response
in-

that is,task
the attraction
effect increases
when the perceived
volvement or involvement with the
encompasses
insimilarity
between
the
decoy
and
the
target
increases (path
formation processing, learning, and decision making and
8).
is influenced by a person's characteristics. For instance,

past experiences with the product, e.g., familiarity or

H4: The magnitude of the attraction effect should inexpertise, will affect the respondents'
involvement
with
crease
as perceived decoy-target similarity
increases.

the choice task. Consequently, we feel that the level of

involvement with the task should be positively affected

5. Preference Strength
by product class knowledge, path 3 in Figure 2.

Preference strength is a measure of the confidence or
conviction in a particular brand, given a choice situation.
The respondents' involvement in the task or the If
activthe preference strength for a brand is high relative to
others, then the brand would be chosen most often. A
ities relating to it determines the consistency in decision

3. Task Involvement
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relatively
larger share because it can attract share from
high preference strength signifies a clear anda stable
de-

cision structure. By contrast, when two brands
exist
in and the competitors' brands. Thus, we
both the
target
the core set and are equally preferred by the expect
respondent,
that preference strength will have a negative imthe preference strength would be low becausepact
there
is no share (path 12).
on decoy

clear-cut choice. As a result, we represent preference

6. Perceived
Decoy Popularity
strength as a composite of two items: centrality
of preference and relative preference. These items are distinct
Huber, Payne, and Puto (1982) suggest that the belief
among subjects that a decoy is popular alters their own
to the attraction effect.
attitudes toward the target in a positive way. We refer
First, centrality of preference is high when the core
to this belief as the popularity effect. Perceptions of the
set brands have nearly equal shares.' Mathematically, it
and represent different aspects of preference as it relates

popularity of a brand have been used in comparative adis the product of the choice probabilities of the core set

vertisements to influence the viewer's decision process.
brands, [P*(1 - P)]. Thus, centrality of preference varFor example, a Diet Coke ad stated that ". .. of the two

ies from 0 to 0.25. A preference situation involving equal,
million people who stopped drinking Pepsi, most switched

competing alternatives will lead to greater conflict

to Diet Coke." Another example would be the Bayer ad
(Tyebjee 1979). In this situation, the choice framework
that claimed, "Of the 1,000 doctors surveyed, more than
is unlikely to be simple. Respondents without a strong
40 percent preferred Bayer .. ." Also, in developing a

preference for a particular brand are therefore more likely
sale, salespersons often mention that a brand or a model

to exhibit the attraction effect.

Relative preference refers to the strength of preference

for one brand relative to another (Bass 1974; Urban,
Hauser, and Roberts 1990). Relative preference is represented here by choice probability, and varies from 0.00

to 1.00. If the consumer overwhelmingly prefers brand
X over brand Y (i.e., the preference for X, P(X;Y), is
higher than that for Y, P(Y;X)), then on subsequent purchase decisions he or she is more likely to buy brand X.

The consumer is said to be loyal to brand X (Krishna-

murthi and Raj 1991). Brand-loyal consumers have a more

stable decision structure (Kotler 1991, p. 275) and are
less likely to exhibit the attraction effect. In the psychology literature, this unwillingness of consumers to
change their minds, despite external pressure, has been
referred to as "staunch" confidence in judgment (Asch
1955).
A low preference strength refers to a choice situation
where the centrality factor is high and the relative preference for a brand is comparatively low. Both these conditions point to a situation where the respondents are un-

sure of their decision process and, consequently, their
conviction about the decisions they have made is low.
Therefore, the respondents are more likely to alter their

decisions when new brands are introduced and the like-

is "moving fast" in the market.
Versions of the popularity effect, also called the bandwagon effect, are prevalent in various disciplines: "herd
behavior" in finance (Keynes 1936; Scharfstein and Stein
1990) and "social pressure" in psychology (Asch 1955).
With reference to investors, Keynes (1936) suggested that
some financial decisions are not made in an efficient
manner because the investors are reluctant to act ac-

cording to their beliefs and information. Out of fear for
their reputation, investors refrain from contrarian behav-

ior and "follow the herd." Scharfstein and Stein (1990)
refer to this as "sharing-the-blame" effect (p. 466). In

other words, an investor's unprofitable decision is not as

bad if everybody commits the same mistake.
In his classical experiments to study "the effect of the

opinion of others on our own," Asch (1955) demon-

strated that, under group pressure, individuals who rarely

committed any errors could be wrong as much as half
the time. The magnitude of their inconsistency was sig-

nificantly affected by the size of the majority. In our
manipulation of popularity, we are varying the "size of
the majority." If more people have positive views about
a particular brand, then the pressure exerted on the oth-

ers to conform is higher. This should lead to an altera-

tion in the decision structure of the respondent.
lihood of the attraction effect occurring increases. As a
An increase in the perceived decoy popularity tends
result, we expect (path 13):
to make many respondents include the decoy brand in
the consideration set. Some respondents might first evalHs: Respondents who have a low preference strength are
uate the decoy brand and then compare it to the nearest
more likely to exhibit the attraction effect.
brand, i.e., the target brand, and in most cases decide

that the target brand has superior attributes (true by defPreference strength is also expected to affect the share
inition). Thus, the introduction of a popular decoy brand
captured by the decoy. The decoy can capture share from
can benefit the target at the expense of the competitor.
the target or the competitor. If the preference strength
The respondent is less likely to compare the decoy with
of the target is high, the decoy cannot capture much share
the more distant competitive brand. Thus, we expect the
from it. By contrast, if it is low, the decoy can capture
attraction effect to increase as the perceived popularity

of the decoy increases (path 9).
1We thank a reviewer for suggesting this definition for preference H6a: The attraction effect will increase as the perceived
strength.

popularity of the decoy increases.

This content downloaded from 69.166.35.194 on Fri, 13 Sep 2019 01:09:20 UTC
All use subject to https://about.jstor.org/terms

336 JOURNAL OF MARKETING RESEARCH, AUGUST 1993
If the decoy is perceived as very
popular,
told that
the market sharethe
of the individdecoy was 5%; the highual will be more likely to shift popularity
his/her
preference
toward
group was
told that the market share
was 40%;

the decoy. Conversely, if perceived
decoy
popularity
and the control
group was not
told anything about is
the
low, the market share of the popularity
decoy
isbrand.
likely
be
low.
of the
Popularityto
was held
below
50%,
As a result, we expect that the
perceived
of
because
a dominated decoypopularity
cannot be expected to be
the
the decoy will have a positive most
impact
on
the
share
cap- 2
popular. The
overall
design
is a randomized
tured by the decoy (path 10). (stimulus description: elaborated and original) x 3 (popIf the decoy captures only a small
share
of40%)
the
market,
ularity: control,
5% and
design
for each product
it will have little impact on thecategory.
attraction
A respondenteffect.
was randomlyWhen
assigned to one
the decoy gains very little share,
the
structure
of these
sixpreference
conditions. For each design
cell, the study
is only marginally affected by the
introduction
dewas conducted
on a within-subjectof
basisthe
to compare
the
coy. Thus, the attraction effect
should
be
preference
pattern in the
core low.
set (X and We
Y) to thecan
decoylook at this relationship as anaugmented
indirect
choice seteffect
(W, X, and Y).of
As a decoy
result, the
popularity on the attraction effect:
decoy
popstudy is a perceived
mixed design one. The
between-subject
aspect
ularity influences decoy share, of
which
turn
influences
the design in
assigns
a respondent
to one of six design
the attraction effect (path 11), conditions, thereby reducing the task length and the resultant respondent fatigue. By contrast, the within-sub-

H6b: The attraction effect will ject
increase
the
share
capaspect of theas
design
requires
two choice
tasks to be
tured by the decoy increases.
completed by each respondent. Consequently, we can
METHOD

Sample
The subjects for the study were undergraduate and
graduate students at a large university. Earlier attraction

effect studies have also used student populations (cf.,
Huber, Payne, and Puto 1982; Simonson 1989). The stu-

dents were offered credit for participating in the study.

The final sample, used to estimate the model in Figure
2, included 359 respondents for beer and TV sets and
330 respondents for cars.2 The respondents were 19 to
45 years old, with a mean age of 22 years.
Study Design

estimate the attraction effect for each respondent. Pre-

vious studies in the area have been able to provide attraction effect estimates mainly at the aggregate level,
because no single respondent completed all of the tasks
required to estimate an individual-level attraction effect.

Individual-level estimates of attraction effect are essen-

tial to using a structural equation model analysis.
Pretests with the questionnaire showed that a respon-

dent took 25 to 30 minutes to answer the questions on
each product class. Consequently, to reduce respondent
fatigue, each participant was presented with only two of
the three product categories. A choice problem for a given

product class consisted of a brief situational description
followed by the available options. The elaborated stimuli
information was presented after the situational descrip-

tion.

The products used in the current study are beer, cars,

and TV sets, products which students use frequently.
These products yield a wide range of risk and consumer
involvement levels and, as such, are consistent with good
practice in experimental designs. Zaichkowsky (1985)
reports Personal Involvement Inventory (PII) scores of
122 for automobile (car) and 97 for color TV sets. These
are higher-involvement products, while beer (PII score
= 82) is a lower-involvement product. These products
have been used in previous studies that have observed
varying degrees of the attraction effect for them (cf.,
Huber, Payne, and Puto 1982).
Two stimulus descriptions-elaborated and original-were used in this study. Popularity of the decoy was manipulated at three levels: The low-popularity group was

The attribute elaborations used in the study were sim-

ilar to those used by Ratneshwar, Shocker, and Stewart
(1987). The options were presented in an alternative-byattribute (row-by-column) matrix format. The attributes
were similar to those used in previous studies: reliability

and percentage distortion for TV sets, MPG and ride
quality for cars, and price and quality rating for beer
(cf., Huber, Payne, and Puto 1982). Brand W is a rangeincreasing decoy for the target brand X (see Figure 1).
Huber, Payne, and Puto (1982) observe that the attraction effect was the highest for range extension decoys.
In keeping with earlier practice, the stimuli were presented in verbal form and not pictorially, as shown in
Figure 1. Subjects were instructed to indicate their preferences on the basis of the information presented only.

The basic choice task consisted of two decisions: (1)

the respondents chose the brand they would buy, and (2)
they provided preference ratings on a constant sum scale.

2The initial sample sizes were 361, 334, and 367 for beer, cars,The following is a detailed description of these tasks.
and TV sets, respectively. Respondents who either guessed the pur-Respondents indicated their choice by picking one brand
pose of the study or failed to follow the instructions were excluded
from the choice set: Given that you had to buy one brand
from the analysis. Given the small number of such deletions (a maximum of four for TV sets), the instructions for the study and the sur-based on this information alone, which one
The instructions for using constant sum
vey instrument were deemed adequate.
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and ours considers the difference between the two dis(Hauser and Shugan 1980): Based on your preference,
tances. The subtractive model is:
please distribute 100 points among the brands, giving
most points to the brand you prefer most. Allocate points
in proportion to the ratio of your preferences for these

S = Sw - SWY,

brands. (Make sure the points add up to 100).
For each product class, they had two choice tasks:
where S is the transformed similarity, S, is the perchoosing from (a) core set brands X and Y (Figure 1)
ceived
similaritybetween
betweenWWand
and
and
Swr is the
perand from (b) brands X, Y, and decoy brand W.ceived
(Thesimilarity
Y. X,
The
subtractive
model
respondents were also asked to evaluate the introduction
provides a relative measure of similarity. The theories
of another decoy, but those results are not relevant
thatfor
are used to explain the attraction effect are based on
this study and hence are not reported here.) Respondents
the relative similarity between the decoy and the target

used a 7-point scale to indicate the similarity between
brands and the lack of similarity between decoy and
decoy and each of the core set brands.
competitor brands. If the decoy is perceived as equally

Procedure

similar to the competitor and the target, the value of the
similarity measure, S, is zero. In such a case, there should

be no attraction effect. A direct measure of similarity
would fail to reveal this comparison. As a result, we do
The study participants were told that the study dealt
not use Sw directly as a measure of similarity.
with consumer preferences. The first part of the surveyPopularity. A four-item, 7-point scale was used to

measured their involvement or interest in the products.
check the success of the manipulation of popularity. The
Participants then made a choice from the core set brands
four items are consistent with dictionary definitions for
X and Y. Next, they were presented the decoy-augpopularity and appear to have face validity. A pretest of
mented choice set. Filler tasks were included between
the popularity measure (n = 27) suggested that it had
these choice tasks. After the choices had been made, the adequate reliability (Cronbach's ot = 0.90) and discrim-

participants responded, in the following order, to quesinant validity in distinguishing between those who had
tions relating to the perceived popularity of the decoy,
been presented the very popular decoy compared with
perceived similarity between the decoy and the core set
those who received the less popular ones (p = 0.01).

brands, involvement with the choice task, and relevance
Other independent measures. The other measures used
of the presented information. Next, they repeated this setin this study are: preference strength, task involvement,

of tasks for the second product. Product class usage,decoy share, information relevance, expertise, and prodspending, buying behavior, and expertise was addressed
uct class familiarity.
in the next set of questions. Responses to these were Attraction effect. The attraction effect has been desimultaneously obtained for both products. Finally, the
fined as a violation of the regularity and similarity conparticipants responded to a set of demographic ques-ditions (Huber, Payne, and Puto 1982). Researchers have
tions. Overall, we used responses to four choice tasksoperationalized this definition by suggesting that attrac(=2 * 2-two choice tasks per product category x two tion effect implies that the choice probability of a prodproduct categories) in our analysis of the effects of the
uct increases with the introduction of a decoy brand. In
antecedent variables on the attraction effect. The order
this study, we use the broader definition of attraction
of the decoy presentation, product category, decoy popeffect, as stated by Huber and Puto (1983, p. 32), ".
ularity level, and type of stimulus presentation was rana new item can increase the favorable perceptions of
domized across the subjects. Most subjects spent 35 to similar items." Using this broad definition, the existence
of attraction effect can lead to an increase or decrease
40 minutes on the survey.
in choice probabilities with the introduction of a decoy
(as shown in Appendix A).
Measures
A standard principle used in choice situations involving a new brand is that it will capture share from other
We briefly define the operationalization of some of
the in proportion to their market shares (Huber, Payne,
brands

constructs used in this study. All the measures are
anddePuto 1982). This principle of proportionality is inscribed in the Appendix, Table Al.
corporated in the Luce (1959) axiom and is central to
Similarity. The similar-dissimilar and 7-point semannumerous choice models in consumer behavior (cf., Silk
tic differential brand pair ratings are used in this study,
and Urban 1978). We prefer Luce's model because it is
along with a similarity-based ranking of the pairs.
The
parsimonious
and popular (Huber and Puto 1983). The
difference measure of similarity used in this study isattraction
based
effect, AE,, occurs if, on the introduction of
on the subtractive model of comparative judgment (Lynch
the decoy, the observed share of brand X, O(X), is dif1985). This measure is similar to the measure of relative
ferent from the expected share under the Luce model,
similarity proposed by Huber, Payne, and Puto (1982,
EL(X) (see Appendix A.) Mathematically,
p. 94) except that they define it as the "ratio of the decoy-competitor distance to the decoy-target distance,"
AEL = O(X) - EL(X).
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If AEL is positive, it is a "positive"
attraction
effect.
bach's as for the
measures are deemed
adequate If
across

AEL is negative, it is a "negative"
attraction effect or the
all products.

substitution effect (Huber and Puto 1983).
Checks of 60 for brand
For example, consider a core Manipulation
set share
X and 40 for Y. If the decoy Product
W captures
a The
share
ofon20,
class involvement.
mean scores
the
the expected shares of brands
X
and
Y
will
decline
proZaichkowsky (1985) involvement scale were 125 for cars,

portionately to 48(=60-20 100
* .6)
32(=40-20
*scores
.4),
for TVand
sets, and
87 for beer. These
are very
respectively. AEL will be positive
if the
observed
share
similar to those
obtained
in the Zaichkowsky
study. Thus,
of X, O(X), is greater than 48
negative
it is and
safe to AEL
conclude will
that the be
respondents
perceived the
if O(X) is less than 48. One should
note
that
AEL
is deproducts as intended.

fined at the individual level.

Similarity. As noted in Figure 1, X was the intended
Earlier researchers have collected data at only the target for W; hence, W should be perceived as more simnominal level (cf., Huber, Payne, and Puto 1982). In ilar to X than to Y. The perceived similarities of pairs
the current research, data is collected at the ratio level
(XW) and (YW)-where W is the decoy-were comfor three reasons. First, the constant sum scale has been
pared. The manipulation was effective for over 90% of

found to make excellent predictions for both frequently the responses for each of the products. The respondents

purchased products (Silk and Urban 1978) and durablewho failed to perceive W as more similar to X were reproducts (Urban, Hauser, and Roberts 1990). Second, tained in the analysis, since the similarity construct is
for use in covariance structure modeling, it is preferred incorporated in the causal model. The construct considthat the data be collected at the ratio level. Third, reers the perceptions of the respondents and is not based
searchers prefer to use data at the highest possible level on the study design.

of measurement (i.e., ratio data), provided reliable and

valid measures are available. To collect data at the ratio

Information relevance. To check for the success of

the elaboration manipulation, a pretest was conducted (n
level, it is imperative that the attraction effect construct
= 49). The responses to the relevance measure were

be defined on a within subject basis.

compared for the elaborated and original stimuli conditions. The elaborated information was perceived as sigRESULTS
nificantly more relevant and meaningful for all three
products (p < .05).
Validity and Reliability of Measures
Popularity. We compared respondent-rated scores for
Constant sum scale. We use the respondents' ratings
the three conditions: (1) control group, (2) 5%, and (3)
on the constant sum scale as input to the causal40%
model.
for pairwise differences. The results indicate that
The convergent validity of two choice task measuresthe popularity manipulation was successful. The perchoice of most preferred brand and choice deduced
frompopularity of both the 5% and control groups
ceived
constant sum scale-was pretested using a quasiwas
indesignificantly less than that of the 40% decoy.
pendence log linear model (Bishop, Fienberg, and
TheHolrespondents did not perceive the popularity of the
land 1975, p. 287). The model had a good fit with
the as being any different from the control
5% decoy
data for all the products (n = 98 for cars and TV
sets
group.
This pattern is identical across all the product
and n = 100 for beer). That is, all X2 differences
were
classes.
insignificant (x2 = 1.115, 1.06, 3.767 for TV sets, cars,
and beer, respectively; d.f. = 3). Using either the conModel Specification and Estimation
stant sum scale or the most preferred brand, 85%, 89%,

and 92% of the respondents had identical choices for beer,
The structural equation models were analyzed using a
cars, and TV sets, respectively. This is further testimony
maximum likelihood procedure in EQS (Bentler 1989)
to the validity of the constant sum scale. Therefore, we
to simultaneously test the effect of all antecedent variconclude that the constant sum scale and most preferred
ables. (The correlation matrices are in Tables A2-A4 in
choice lead to convergent predictions, consistent with the

the Appendix.) This study is primarily concerned with
findings of Urban, Hauser, and Roberts (1990). Brand
the structural relationships between the constructs, shown
X was not the preferred brand for all the respondents.
in Figure 2, as they represent the hypotheses. The loadAfter 2 weeks, a subset of the subjects (n = 42) was
ing for the constructs with single indicators was set to

presented with the choice tasks to determine the test-rethe square root of the assumed measure reliabilities, 0.85
test reliability of the constant sum preference measure.
in this case.
The test-retest correlation is significant and varies from

0.51 to 0.62 for the products studied (p < .005). The
high correlation between the two responses (Cohen 1977,
generate sample sizes adequate for structural equation modelp. 78), suggests that the constant sum measure of3To
prefing, the data across the two experimental variables were pooled. Also,
erence is reliable, too.
following Bentler (1989, p. 117), cases with an inordinately high conOther measures. Reliabilities of the measures used in
tribution to the multivariate kurtosis were deleted from these analy-

the current study are presented in Table Al. The Cron- sis-1, 3, and 4 for beer, cars, and TV sets, respectively.
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Multiple group tests. To test whether the pattern
of for the measurement model of the multiple-item
ings
effects was identical across the three products, we constructs
conis presented in the Appendix, Table A5. All
ducted a multiple group analysis (Bentler 1989, p. the
151;parameter estimates are highly significant (p < .001).
Bollen 1989, p. 355). Basically, we test the hypothesis
A point to note is the positive sign of loading of measure

that the parameter estimates of the structural model,X1
the
on the preference strength construct. This suggests

that
P matrix, especially those relating to hypotheses Hi
to as relative preference increases, the preference
H6b, are invariant across the product classes. We strength
conincreases. As the target share increases, the cenducted a three group analysis, where these parameters
trality of preference X2 decreases. Therefore, the meawere constrained to be equal. This analysis reveals sure
thatloadings of preference strength construct are of opposite signs, and of the two measures of preference
there is no support for the null hypothesis (X?2f = 31.00,
d.f. = 14, p < 0.01). This suggests that the analysisstrength,
of
relative preference was found to be a stronger
each product class must be reported separately. We measure
conthan centrality of preference. The two-dimenclude that the effects of the antecedent variables on the
sional structure of knowledge-familiarity and experattraction effect are moderated by the product class untise-is confirmed in this analysis: Paths 1 and 2 are
der consideration. On the other hand, if the nullboth
hy- significant for all the products. In all but a few cases,
potheses of invariance of parameter estimates hadthe
notfactor loading is greater than 0.70, signifying the high
been rejected, it would have considerably simplifiedreliability
the
of the measures. The consistency of the results

reporting of the results. Consequently, separate analyses
across the product categories is testimony to the stability
of the constructs and the measures.
were run for each product category.
Measurement model. The standardized factor loadModel fits. The goodness of fit measures for the models

Table 1
STANDARDIZED EFFECT DECOMPOSITION AND EXPLAINED VARIANCE
FOR THE ATTRACTION EFFECT

Product

Beer

Variable

Total

Direct

Indirect

Knowledge -.129 -. 124** -.005
Task involvement -.019 .010 -.029**
Information relevance -.105 -. 105**
Preference strength -.607 -.647*** .040*
Decoy share .133 .133**
Perceived decoy popularity -.017 -.040 .023*
Similarity .084 .084*
Sample size (n) 359
Explained variance 41.94%

Car

(.040, 467.35, 265, p < .001, .921)"
Knowledge
.034
.033
.001
Task involvement -.024 .022 -.046*
Information relevance -.106 -.106*
Preference strength -.218 -.259*** .042**
Decoy share .197 .197***
Perceived decoy popularity .072 -.011 .083***
Similarity .152 .152***
Sample size (n) 330
Explained variance 11.64%

TV

(.052, 434.26, 242, p < .001, .921)"
Set Knowledge .026 .017 .009
Task involvement .023 .107 -.084***
Information relevance -.161 -.161***
Preference strength -.384 -.384*** .000
Decoy share .004 .004
Perceived decoy popularity .118 .116*** .002
Similarity -.023 -.023
Sample size (n) 359
Explained variance 18.10%
(.038, 468.45, 242, p < .001, .931)"

Direct and indirect effects may not sum to the total effect because of rounding. Information relevance, decoy share, and similarity have only

a direct effect on the attraction effect.

"Read (average standardized residual, chi-square, degrees of freedom, p-value, Bentler-Bonett normed fit index).
*significant at p < .10.
**significant at p < .05.
***significant at p < .01.
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Table 2
SUMMARY OF RESULTS OF THE EFFECT OF VARIOUS
FACTORS ON THE ATTRACTION EFFECT

Factor References Expected Sign Hypothesis# Result*
Information relevance Ratneshwar, Shocker, and Negative H, Beer, cars, and TV sets
Stewart (1987)

Product class knowledge Kotovsky and Simon (1990) Negative H2 Beer

Task involvement Tyebjee (1979) Negative H3 Beer, cars, and TV sets

Decoy-target similarity Huber, Payne, and Puto Positive H4 Beer and cars
(1982)

Preference strength Asch (1955); Bass (1974); Negative H5 Beer, cars, and TV sets
Tyebjee (1979)

and Puto Asch
(1982)
Popularity of decoy
(1955); Huber, Payne, Positive H6, Beer, c

Decoy

*These

share
are

the

Positive

products

H,6
for

Beer

which

and

the

cars

effects

are

signi

are presented in Tablea blank
1. in
Many
measures
the indirect effect
column (see Table of
1). The fit
formulated to indicate the "closeness" of the observed
total effect is the sum of the direct and indirect effects.
covariance matrix and the reproduced covariance matrix. Table 1 breaks down the total effects of the variables on
The measures of fit commonly used are (1) residuals, the attraction effect. These effects are the standardized

(2) chi-square test, and (3) fit indices (Bollen 1989, p. values that facilitate comparison of the factors within a
281). On the basis of these three measures of fit, onemodel. The results from testing all of the hypotheses are
concludes that the reduced model is an adequate repre-summarized in Table 2. Next we discuss the results of
sentation of the antecedent variables and their influence
each hypothesis.4
on the attraction effect. The large number of significant

Hypothesis H1: This hypothesis, that the attraction ef-

parameter estimates is also an 'indication of the appro- fect will be affected by the relevance of the presented
priateness of the model.
information, is supported for beer, cars, and TV sets.
Variance explained in the attraction effect. The vari- The attraction effect decreases as the perceived releables considered in the model account for over 41%, 11%, vance of the information increases. Comparing the unand 18% of the variance in the attraction effect for beer, standardized values of the effect, we find that the effect

cars, and TV sets, respectively. There appears to be an is comparable for beer and cars and much higher for TV
inverse relationship between the involvement score for sets. An examination of the summary statistics-Apthe product and the explained variance. For all the prod- pendix Tables A2-A4-indicates that the mean levels
ucts, the amount of the explained variance is apprecia- of the perceived information relevance are comparable

ble, ranging from about the medium to the large-effect

for beer and cars and relatively lower for TV sets. When

size (Cohen 1977, p. 80). Furthermore, they are appre- people find the presented information to be of a high

ciably larger than the mean-effect size of .053 observed

in consumer behavior studies (Peterson, Albaum, and
Beltramini 1985).

quality, a choice or preference anomaly is much less likely
to occur.

Hypothesis H2: Knowledge has a significant effect fo

beer. An increase in product class knowledge tend

decrease the attraction effect. The magnitude of this e
fect is nearly equal to that of the effect of decoy shar

Tests of the hypotheses

As shown in Figure 2, the antecedent variables can The effect of knowledge on the attraction effect is
influence the attraction effect both directly and indi- significant for TV sets and cars. We find that the
rectly. To gain a better understanding of the modeled spondents know most about beer, which appears to h
phenomenon, researchers have advocated that we inves- them to make consistent decisions, leading to a low

tigate both the direct and indirect effects by looking at

the decomposition of the effects (cf., Bollen 1989, p.
36). For example, consider the effect of preference

attraction effect.

Hypothesis H3: Task involvement has a significant ef

strength on the attraction effect for cars. Apart from the

significant direct effect, the preference strength has a

4To check the comparability of our results with previous studie

bearing on the attraction effect by influencing the share categorical measure of attraction effect was developed. When AE,
positive, AE = 1, and AE = 0 if negative. Respondents with AEL
captured by the decoy. The indirect effects operate through were deleted. An analysis of the means of the antecedent constr

at least one intervening variable. Decoy share, on the across the two groups of AE shows
other hand, has only a direct effect, and hence there is as expected for most of them.

This content downloaded from 69.166.35.194 on Fri, 13 Sep 2019 01:09:20 UTC
All use subject to https://about.jstor.org/terms

that the direction of the resul

ANTECEDENTS OF THE ATTRACTION EFFECT: AN INFORMATION-PROCESSING APPROACH 341

fect on the attraction effect. This effect operates
through
ifested
in the significant but smaller indirect effects for
beer. Thus we conclude that the attraction effect
perceived information relevance (path 5), andcars
is and
signif-

icant for all the three products: beer, cars, and
sets. if strength of preference is high, i.e., when
will TV
be lower
We conclude that as the respondents becomerelative
more preference
inis high and centrality of preference is

low.
volved with the choice task, they process the information
better and are more consistent in their decision making.
Hypothesis H6a: For all the products used in the study,
Thus, as task involvement increases, the attraction
effect
perceived
decoy popularity has a significant effect on the

decreases.

attraction effect in the expected direction. This result

This effect is different than the need for justification,
supports hypothesis H6a. For TV sets, the direct effect

because this constraint was not imposed on the particiis dominant, while for cars and beer it is mediated by
pants of this study. If manipulated, respondents in decoy
the share. (This issue is discussed in detail in relation
need for justification condition would be expected to
to be
H6b.) The attraction effect increases as the perceived
more involved with the task. However, the conversedecoy
is
popularity increases. As a result, if one introduces

not true: the respondents who were more involved with
a brand that people perceive to be very popular, the posthe task need not have a higher need for justification.
itive effects on the intended target appear to be substanTheir greater involvement in the task could be a result
tial and significant.
of their interest and higher knowledge about the product
Hypothesis H6b: Observed decoy share has a significlass.
cant positive effect on the attraction effect for cars and
Hypothesis H4: The hypothesis that the attraction efbeer. For TV sets, the decoy share is relatively low and
fect will be influenced by the perceived decoy-target
does not have a significant effect on the attraction effect.
similarity is supported for beer and cars. Perceived sim- It appears that the decoy must capture considerable share
ilarity has a positive impact on the attraction effect. When
to have an impact on the attraction effect. The level of

the perceived decoy-target similarity increases, the exthis share could depend on the product category. What

pected share, EL(target), increasingly underestimates the can be definitely said is that the decoy shares for cars
observed share, O(target), captured by the target brand. and beer (.259 and .285) are large enough to have a sigSimilar results have been observed in past studies that
nificant impact on the decision structure of the responused strong decoys (Huber, Payne, and Puto 1982). Ifdents, thereby leading to an increase in the attraction efthe decoy and the target are considered almost identical, fect. On the other hand, the decoy share for TV sets
one should expect the decoy and the target to evenly split
(.170) is much lower and does not produce an appreciable attraction effect.
the share held by the target before the introduction of

the decoy. In other words, a critical region extends around The levels of the perceived decoy popularity and the
a brand in which effectively no attraction effect will beshare captured by the decoy follow an interesting pattern

observed. As the similarity decreases, substitution befor these products. The perceived decoy popularity is
tween the target and decoy decline, up to the point becomparable for cars and beer (20.44 and 21.37) and is
yond the critical region when attraction effects domimore than 25% higher than for TV sets (16.30). Once
nate. It is likely that the perception of the decoy for TVagain, decoy share is comparable for cars and beer (.259
set fell within this critical region for most of the reand .285) and more than 50% higher than for TVs (. 170).
spondents; therefore, the attraction effect decreases, with
It is plausible that decoys which capture a large enough

an increase in the perceived target-decoy similarity. The share have a significant effect on the attraction effect.

results suggest that a closer look at the mean similarity
For cars and beer, the increase in perceived decoy pop-

levels of the decoy is warranted. It appears that an over-ularity goes more toward increasing the share captured
all similarity level of around plus 3 may be the minimum
by the decoy. Thus, the effect of decoy popularity on

necessary for the decoy to aid the target (Table: A2-the attraction effect is mediated by the decoy share. On
A4). In light of this, it is interesting to note that the
the other hand, when the decoy does not gain as much
coefficient for TV sets is negative, albeit not signifishare, decoy share is seen to have hardly any impact on
cantly so. This suggests that the effect of similarity on
the attraction effect. In this case, the decoy popularity
the attraction effect may not be linear.
has a direct impact on the attraction effect. Therefore,
Hypothesis H5: This hypothesis is supported for all
we observe that decoy share has a significantly positive
products. Higher magnitudes of preference strength for effect on the attraction effect for cars and beer, while
a brand lead to a lower attraction effect. Preference
the perceived decoy popularity has only an indirect efstrength has a major impact on the attraction effect. fect
It for these products. On the other hand, for TV sets
is the most important variable in determining the level
perceived decoy popularity has a significant positive di-

of the attraction effect. For example, for beer the coef- rect effect on the attraction effect, and the effect of deficient for the preference strength is about five times that
coy share is insignificant.

of the next variable, decoy share (Table 1). The mag-

DISCUSSION AND CONCLUSIONS

nitude of the effect of preference strength on the attraction effect is the strongest for beer and the weakest for The purpose of our research was to develop a bet
cars. The importance of preference strength is also man- understanding of the attraction effect by studying the
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pact of certain antecedent variables
the attraction
efquently,on
the attraction
effect is influenced
by the per-

fect. By examining the phenomenon
atofthe
ratio level,
ceived popularity
the decoy.

we were able to model the effects Would
of the
antecedent
varia manager
wish to introduce
a second decoy
brand,
even
if
it
reduces
the
market
share of the current
ables and their interrelationship in a unifying framework. It should be noted that this
analysis
requires
that
offering,
i.e., the target
brand? The answer
is a qualified
the attraction effect be defined and measured at the inyes. Moorthy and Png (1992) demonstrate theoretically

dividual level. To maintain comparability across thethat such introductions could be an optimal strategy. Al-

products, the same model was used across all three prod-

though there is some cannibalization, the firm might find

about their choice between the core set brands.

merit attention.

ucts. However, we conclude that the effects of these
the introduction of the decoy to make economic sense
variables are moderated by the product class.
so long as the loss of share for the target is proportionThe pattern of results confirms the conclusions of ear- ately less compared to the loss for the competitive brand.
lier researchers that the attraction effect depends on the Our attraction effect formulation-the net change in
product-decoy combination (cf., Huber Payne, and Puto market share of the firm's principal brand (target) after
1982). Preference strength for a brand has the strongest adjustment for the expected proportional loss based on
influence on the attraction effect phenomenon. The neg- the constant ratio model-fits this line of reasoning.
ative coefficient implies that the customers with a strong Therefore, our definition of attraction effect is manaconviction in their decisions do not exhibit the attraction
gerially meaningful and consistent with observed real
effect. For the practicing manager, the implication of this world strategies (Moorthy and Png 1992). However,
finding is that the introduction of a decoy will help the
having made the case for the proportionately adjusted
target brand only if the customers have a low relative estimate of the attraction effect, we acknowledge that the
preference for the brand or if the customers are not sure other definitions (cf., Huber, Payne, and Puto 1982) also

In the Huber and Puto (1983, p. 37) study, the phe- Coupled with the conclusions of previous researchers

nomenon is observed in the three-brand core set condi-

in the attraction effect area, our results suggest that the

tion. Conversely, a brand with high consumer loyaltyproblem of cannibalization may be overemphasized in
will not gain much share upon the introduction of a desuch conditions, and the managers may be overlooking
coy brand. The effect of preference strength is largestthe beneficial effects of the similar decoy. Relative sim-

for the least involved product category used in this study,

ilarity of the decoy-target over that of the decoy-com-

i.e., beer. Thus, it is more important for managers of
petitor appears to have a positive impact on the share
lower involvement products to build up their customer
captured by the target when the decoy is introduced. This
base so that the customers become die-hard loyals. Fu-

is the essence of the attraction effect and is contrary to
ture researchers should determine if this pattern holds for
the cannibalization concept. Therefore, a manager should
even less involved products, e.g., instant coffee and
not rule out the introduction of brands perceived as simbreakfast cereal (Zaichkowsky 1985).
ilar to an existing brand.
The popularity explanation for the attraction effect is

a viable one. The results show that as the perceived de-

Information relevance and task involvement have a

significantly negative impact on the attraction effect. The
coy popularity increases, the attraction effect increases.
effect of product class knowledge is significant only for
Popularity has a direct effect if the share captured by the
beer. Among the products used in this study, students
decoy is low, while it operates indirectly through the decoy share when the share of the decoy is relatively large. appear to be most knowledgeable about beer (surprise!).
Social influences have been shown to shape individual'sBeer is a frequently purchased product, and the expertise
beliefs and behaviors (Asch 1955). The perception of alevel is also the highest for beer, 18.32 compared to 17.00

decoy being liked by many people puts pressure on theand 13.08 for cars and TV sets, respectively. These rerespondents to conform to the "group" and alter theirsults vindicate the central thesis of our study: Attraction
decisions to be in line with it. In some ways, this is effect will be minimized under conditions which facilitate
comparable to the "need to justify" explanation put for- or aid decision making.

ward by Simonson (1989, p. 166), who concludes that

The attraction effect for the individual will be dimin-

the attraction effect is higher for subjects in the "need ished by making the information more meaningful-by
for justification" condition. Could it be that the higherpresenting the appropriate information in an organized
perceived popularity of the decoy makes the justification and useful manner that matches the consumers' stored

easier? Scharfstein and Stein (1990, p. 465) suggest thatknowledge, by making the choice task more relevant-

professional managers will "follow the herd" if they are by presenting interesting choices or by increasing the
concerned about how others will assess their ability torelevance of the product class, and by educating the cusmake sound judgments (italics added). In "following thetomers-by telling them about the product category and
herd," these managers tend to ignore significant private its relevant attributes. Therefore, a competitor's defeninformation. Respondents in our study appear to ignore sive strategy should be to make the choice task among

their previous preferences about the brands in the corethe brands in a product category as simple as possible.
set when confronted with a popular decoy. ConseIf a firm does not do this, the "cognitive miser" con-
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sumer will surely do it, much to the detriment of the

APPENDIX

I. DEFINITION OF THE ATTRACTION EFFECT

competitive brand.
The explained variance for the attraction effect factor

If choice
is proportional to utility of the object, the probaranges from over 11.5% to about 42%. For higher
inbility of choosing brand X from the set (X,Y), P(X;Y) is
volvement products, the attraction effect appears
to be
lower. The lower explained variance for cars and TV
U(X)
sets could also be the result of not using price as an alP(X;Y) =

ternative dimension, thereby reducing the overall reality
of the task. Even though these values are considered ap-

U(X) + U(Y)

If a 1977)decoy brand
preciable-between medium and large (Cohen

there are certain issues that could be considered to im-

W is introduced and there is no attraction
effect, then the probability of choosing X from the set (X,Y,W)

is

prove the predictive power in future studies in this area.
Several other factors could also influence the attrac-

tion effect. First, the form and order of the presentation
of stimuli has been shown to significantly affect decision

P(X;Y,W) =

making. Tversky (1969) has shown that under certain

U(X)

U(X) + U(Y) + U(W)

experimental conditions intransitivities can be predicted.and P(X;Y,W) 5 P(X,Y). However, if there is an attraction
effect (i.e., the newly introduced brand created a "favorable
Depending on the information display, people engage in

impression" of X), then the utility of X has increased to U(X*),
either holistic or decompositional processing. Under holistic processing, the alternatives are evaluated on anwhere U(X*) > U(X). Consequently, the probability of choosing X from the set (X,Y,W) in the presence of attraction effect
overall basis, whereas during decompositional processis
ing the alternatives are compared on each attribute. These
different forms of processing could lead to inconsistencies in choice.

P(X*; Y,W) =U(X*)

U(X*) + U(Y) + U(W)
Attraction effect researchers have used only verbally
presented tasks. Also, the manipulation of the decoy position will be stronger under a graphical presentation ofSince, U(X*) > U(X), it necessarily holds that P(X*;Y,W)
P(X;Y,W) (since utilities are defined to be in the positive
the choice task, because the respondents will clearly> see
range). That is, the choice probability of X is greater with atthe position of the decoy. This could enhance the traction
ateffect than without it. If the increase in the utility of
traction effect and lead to a stronger test of the theory.
X resulting from the attraction effect is large (i.e., U(X*) Researchers have shown that the response mode affects
U(X) is large), then P(X*;Y,W) could well be greater than
the cognitive processes and the adaptive selection stratP(X;Y), which is the definition of attraction effect used by
some researchers. Their definition is a special case of the defegy used by people (cf., Einhorn and Hogarth 1981; Payne
inition
1982). Response mode may have a significant impact
on used in this manuscript. Although our definition does
not
the attraction effect as well. People tend to use choicepreclude this interpretation, it is broader in scope, because
it includes all cases where the introduction of a decoy creates
heuristics more often with complex tasks (Shugan 1980;
a favorable impression of the target brand. (That is, an attracWright 1975). While these factors were not incorporated
tion effect exists if U(X*) > U(X).)
in this study, they appear to be promising research avenues.

II. OPERATIONALIZATION OF THE ATTRACTION

Our choice of products and the definition of the core EFFECT
set with only two brands using only two dimensions was
based on previous research in the area (cf., Huber,
If the Payne,
initial core set contains two brands, a target b
and Puto 1982). This could limit the generalizability
of
X and a competitor
brand Y, then let the probabil
choosing
and Y be P(X;Y) and P(Y;X), respectiv
this study. These issues were dictated by the
need to X
keep
P(X;Y) + P(Y;X) = 1.0. Let the new target br
this study comparable to those done in the Also,
past. Further
W some
that isof
introduced
have an observed choice probab
research needs to be conducted on testing
the
of P(W;X,Y).
The proportionality principle would
explanations for the attraction effect; defining
the dogest that this
brand W would reduce the share of X
main of the effect and its practical consequences;
and
Y in theof
following
manner:
the major issues associated with the modeling
con-

sumer choices that are influenced by the attraction efP*(X)that
= P(X;Y)*(1 - P(W;X,Y)) and
fect. This study tests several of the many factors
influence this phenomenon. Overall, we find that aP*(Y)
sim= P(Y;X)*(1 - P(W;X,Y))

ple model incorporating the hypothesized antecedent

variables provides a reasonable fit across the Let
three
prodthe actual
probability for target brand X after the intro-

ucts and explains a significant amount of
the of
variation
duction
brand W be P(X;Y,W). Then attraction effect is de-

in the choice patterns of the respondents. fined as the difference between the observed probability and

This content downloaded from 69.166.35.194 on Fri, 13 Sep 2019 01:09:20 UTC
All use subject to https://about.jstor.org/terms

344 JOURNAL OF MARKETING RESEARCH, AUGUST 1993

Table Al
OPERATIONAL MEASURES AND CONSTRUCT RELIABILITIES
Preference strength

xl: Relative preference: share of target brand in the core set, P(X;Y).
x2: Centrality of preference or uncertainty in preference, P(X;Y)*{1 - P(X;Y)}
Perceived decoy popularity*
Rate your perception of the popularity of Brand {name of brand}.
x3: industry leader/not an industry leader
x4: very popular/not at all popular
x5: widely accepted/not widely accepted
x6: many like it/few like it
Cronbach's a = (0.89; 0.93; 0.95)**
Decoy similarity
x7: Difference between the ratings of the perceived similarity between the decoy and the core set members.
How similar do you perceive the following brand pairs to be: (Circle #).

Very

similar

Brands
Brands

Y
X

and
and

W
W

1
1

Very

dissimilar

2
2

3
3

4
4

5
5

6
6

7
7

Product class expertise
x8: know very little about (product
x9: experienced/inexperienced
xlO: uninformed/informed
xll: expert buyer/novice buyer
Cronbach's a = (0.90; 0.90; 0.90)
Product class familiarity
x12: Usage: Six-packs of beer consumed per week, hours of TV watched per week, miles driven/month ('00).
x13: Purchasing-amount spent in an average week or month.
x14: Purchasing frequency-only for beer (reverse-worded)
In an average month, how often do you buy beer? Include all your purchases either at grocery stores or bars.
1-never 2-less than once a month
3-once a month 4-once in two weeks
5-once a week 6-more than once a week

Decoy share
yl: Share of decoy in decoy augmented choice set, P(W;X,Y)
Task involvement

y2: How stimulating was the choice task?
y3: How enjoyable was the choice task?
y4: How interesting was the choice task?
y5: How exciting was the choice task?
Responses were recorded by circling a number on the following scale.

Not

Very

at
all
much
1
2
3
4
5
6
7

Cronbach's a = (0.93; 0.89; 0.95)
Perceived information relevance
y6: How relevant was the information?
y7: How meaningful was the information?
y8: How important was the information?
y9: How useful was the information?
ylO: How helpful was the information?
Responses were recorded by circling a number on the following scale.
Not
Very
at
all
much
1
2
3
4
5
6
7

Cronbach's a = (0.94; 0.94; 0.96)
Attraction effect

yll: Deviation from the share expected under Luce's model.
*Unless stated otherwise, the number of scale points for all scales is seven.
**Read as Cronbach's a for (beer; cars; TV sets).
Note: xl-x14 are exogenous variables, while yl-yll are endogenous variables.
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Table A2
CORRELATION MATRIX AND DESCRIPTIVE STATISTICS OF MEASURES-BEER (n =

xl x2 x3 x4 x5 x6 x7 x8 x9 xlO xll x12 x13 x14 yl y2 y3 y4 y5 y6 y

xl 1000

x2 -334 1000
x3 006 018 1000
x4 007 004 749 1000
x5 -002 064 738 736 1000

x6 -052 057 553 622 690 1000
x7 129 -070 154 121 131 106 1000

x8 014 -044 -017 -070 016 004 -056 1000
x9 -068 014 028 026 073 044 001 637 1000
x10 025 -032 015 -020 039 008 -049 770 622 1000
xll 005 056 -058 -056 014 017 -036 753 693 735 1000

x12 -099 036 -048 -048 012 019 -138 646 615 589 647 1000
x13 -131 051 -033 -032 079 048 -129 474 477 439 508 662 1000
x14 -053 048 -074 -035 018 -021 -058 510 484 476 514 622 529 1000

yl 234 -142 134 094 158 134 -028 012 -030 -025 -008 -033 -034 -004 1000
y2
y3
y4
y5

032 091 -006 -001 020 089 -028 139 110 137 155 169 078 096 -026 1000
051 073 011 -005 026 059 -010 161 155 133 181 188 108 143 017 756 1000
-018 079 -049 -037 -019 039 -022 189 216 163 212 234 180 139 -026 756 809 1000
023 062 -052 -026 -013 073 -071 151 150 124 172 183 121 121 044 727 821 811 1000

y6
y7
y8
y9

-076
-043
-090
-117

086 -033 -014 009 042 110 121 132 131 166 099 095 125 -195 282 240 257
083 -050 -073 -049 -025 019 163 149 161 211 125 132 118 -166 297 286 330
103 -039 -053 -034 023 001 104 111 091 178 068 090 044 -183 260 205 228
102 026 025 039 051 012 145 105 108 131 069 090 065 -161 184 148 210

201
259
199
141

1000
812 1
728 8
728 7

yl0 -106 087 -009 -002 051 070 044 116 076 095 113 081 118 062 -213 131 099 168 085 681 7
yll -457 179 -007 007 -028 -003 009 -058 -035 -071 -058 -081 -096 -038 -039 -054 -069 -032 -053 -026

Mean .591 .201 5.17 5.23 5.27 5.70 3.14 4.57 4.53 4.79 4.43 3.29 1.26 1.55 .285 2.98 2.85 3.28 2.69 4.51

SD .203 .052 1.61 1.53 1.59 1.49 1.69 1.69 1.78 1.62 1.71 1.72 1.37 .88 .149 1.42 1.39 1.55 1.36 1.56 1
Min .050 .000 1 1 1 1-3.00 1 1 1 1 0 .00 .000 .000 1 1 1 1 1
Max 1.000 .250 7 7 7 7 6.00 7 7 7 7 5 7.00 4.00 .900 7 7 7 6

Correlations are presented without decimals. Read -334
xl, x2, x3, ..., y11 are explained in Table Al.
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Table A3

CORRELATION MATRIX AND DESCRIPTIVE STATISTICS OF MEASURES-CARS (n

xl x2 x3 x4 x5 x6 x7 x8 x9 xlO xl1 x12 x13 yl y2 y3 y4 y5 y6 y7
xl 1000

x2 -616 1000

x3
x4
x5
x6

119
119
173
090

-069
-043
-104
-130

1000
814 1000
748 816 1000
748 761 762 1000

x7 204 -065 048 022 066 007 1000

x8 138 -038 126 059 060
x9 049 -011 153 108 094
xl0 166 -103 127 089 111
xll 126 -064 093 021 057

060
097
091
037

074
016
072
063

1000
657 1000
787 633 1000
669 674 632 1000

x12 -012 042 -043 -023 -070 008 -063 274 212 274 230 1000
x13 007 042 016 009 022 057 011 249 139 211 169 403 1000

yl 242 -129 386 376 351 327 -021 129 096 102 117 035 027 1000

y2
y3
y4
y5

119
068
078
106

-073 110 111 106 122 -050 063 041 083 002 -045 -023 072 1000
-056 091 079 116 086 002 081 039 089 024 -042 -006 054 804 1000
-043 123 108 144 121 068 044 -010 051 -039-0100 -025 038 762 847 1000
-066 154 143 168 130 046 067 061 080 005 -078 020 080 795 865 840 1000

y6 -015 050 046 010 050 034 150 -096 -083 -044 -153 -127 -082 012 345 329 422 362 1000
y7 013 -009 086 071 085 109 175 -037 -010 009 -104 -081 -063 053 385 361 428 425 843 100
y8 016 019 053 060 072 083 170 -055 -010 023 -085 -106 -084 013 318 295 403 357 791 812

y9 055 -050 077 036 078 082 128 -067 -071 -023 -130 -180 -102 008 300 264 377 315 756 752
yl0 058 -046 047 009 052 025 113 -138 -148 -070 -212 -170 -139 -003 309 291 374 327 729 70
yll -164 138 030 032 036 048 064 015 014 005 039 064 -026 107 -047 -022 -009 -043 -080 -029

Mean .625 .201 4.95 5.14 5.08 5.27 3.18 4.40 4.18 4.61 3.81 3.22 7.69 .259 3.32 3.12 3.38 3.01 4.38 4.1
SD .184 .052 1.68 1.59 1.61 1.57 1.74 1.55 1.64 1.51 1.64 4.17 7.62 .159 1.55 1.58 1.66 1.63 1.51 1.5
Min .100 .000 1 1 1 1 -5.00 1 1 1 1 0 0 .000 1 1 1 1 1 1
Max 1.00 .250 7 7 7 7 6.00 7 7 7 7 25 50 .850 7 7 7 7 7

Correlations are presented without decimals.
xl, x2, x3, ..., yll are explained in Table Al.
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Read

-6

Table A4

CORRELATION MATRIX AND DESCRIPTIVE STATISTICS OF MEASURES-TVs

xl x2 x3 x4 x5 x6 x7 x8 x9 xlO xll x12 x13 yl y2 y3 y4 y5 y6 y7
xl 1000

x2 -522 1000
x3 049 -114 1000

x4 091 -102 850 1000
x5 054 -076 798 878 1000
x6 063 -059 757 819 849 1000

x7 103 -091 096 109 117 183 1000

x8 102 -070 024 035 060 048 -058 1000

x9 115 -048 050 060 088 067 013 707 1000
xl0 089 -038 049 054 086 057 -097 748 647 1000

xll 141 -100 -007 013 023 -011 -020 697 725 645 1000
x12 -136 087 -052 -044 004 -030 006 183 149 199 098 1000
x13 -050 -009 -019 042 083 030 -034 197 164 170 159 187 1000
yl 077 -046 397 386 352 368 125 -025 056 004 016 -068 -016 1000
y2
y3
y4
y5

-034
-014
-051
-053

089 039
061 034
110 002
117 -011

066
076
019
004

062
071
056
008

094
096
066
036

-034
-005
-024
-031

197
242
212
225

164 170 159 082 004
181 212 179 158 033
162 195 145 178 035
182 190 156 135 -014

027 1000
074 831 1000
008 821 869 1000
-004 787 868 858 1000

y6 108 -102 028 026 043 063 086 162 122 141 102 075 046 -040 465 430 466 389 1000
y7 070 -073 044 006 060 051 072 165 116 160 111 119 020 -025 500 460 513 436 845 1000
y8 068 -062 056 062 086 061 067 196 146 182 111 061 018 -067 439 399 467 388 821 851

y9 029 -000 053 014 081 081 053 147 118 098 065 034 025 -027 427 391 473 390 796 846
yl0 006 -017 096 054 104 090 032 129 115 102 063 062 -039 -019 448 418 459 369 770 821
yll -360 127 079 047 095 058 -052 -032 -062 019 -010 075 -037 023 043 046 038 049 -139 -078

Mean .598 .211 4.02 4.10 4.04 4.14 2.41 3.19 3.36 3.48 3.05 11.98 4.21 .1700 2.80 2.62 2.83 2.48 3.97 3.
SD .173 .050 1.64 1.70 1.67 1.77 1.87 1.55 1.59 1.60 1.53 10.21 5.57 .126 1.40 1.34 1.48 1.36 1.60 1.6
Min .100 .000 1 1 1 1 -4.00 1 1 1 1 .000 .000 .000 1 1 1 1 1 1
Max 1.00 .250 7 7 7 7 6 7 7 7 7 72.0 50.0 .900 6 6 6 7 7

Correlations

x

l,

x2,

x3

are

....,

presented

yl1

are

without

explained
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Table A5
THE STANDARDIZED FACTOR LOADINGS FOR THE
MULTIPLE ITEM CONSTRUCTS IN
MEASUREMENT MODEL
PRODUCT

Factor Measures Beer Cars TV Sets

Preference strength XI .862 .987 .989
X2f -.387 -.624 -.533

Perceived decoy X3' .837 .875 .876
popularity X4 .854 .921 .945
X5
X6

.885
.732

.880
.920

.932
.882

Expertise X7 .872 .893 .878
X8 .765 .760 .823
X9 .844 .860 .818

XIOf .975 .767 .815

Familiarity XI1 .726 .730 .635
X12f .700 .555 .361
X13*

.906

Task involvement Y2f .828 .855 .877
Y3 .907 .932 .940
Y4 .903 .906 .931
Y5 .896 .928 .916

Information relevance Y6 .849 .894 .884

Y7' .904 .896 .928
Y8

.879

.892

.910

Y9

.885

.878

.927

YIO .826 .837 .897

Holland (1975), Discrete Multivariate Analysis: Theory and
Practice. Cambridge, MA: The MIT Press.
Bollen, Kenneth (1989), Structural Equations With Latent
Variables. New York: John Wiley & Sons, Inc.
Cohen, Jacob (1977), Statistical Power Analysis for the Behavioral Sciences. Orlando, FL: Academic Press, Inc.
Cohen, Joel B. and Dipankar Chakravarti (1990), "Consumer Psychology," Annual Review of Psychology, 41, 24388.

Dick, Alan, Dipankar Chakravarti, and Gabriel Biehal (1990),

"Memory-Based Inferences During Consumer Choice,"

Journal of Consumer Research, 17 (June), 82-93.
Einhorn, Hillel J. and Robin M. Hogarth (1981), "Behavioral
Decision Theory: Processes of Judgment and Choice," Annual Review of Psychology, 32, 52-88.
Hauser, John R. and Steven M. Shugan (1980), "Intensity
Measures of Consumer Preference," Operations Research,
28 (2), 278-320.
Huber, Joel, John W. Payne, and Christopher Puto (1982),
"Adding Asymmetrically Dominated Alternatives: Violations of Regularity and the Similarity Hypothesis," Journal
of Consumer Research, 9 (June), 90-8.
- and Christopher Puto (1983), "Market Boundaries and
Product Choice: Illustrating Attraction and Substitution
Effects," Journal of Consumer Research, 10 (June), 3143.

Johnson, Eric J. and John W. Payne (1985), "Effort and Accuracy in Choice," Management Science, 31 (April), 395414.

Keynes, John M. (1936), The General Theory of Employment
Interest and Money. London: Harcourt, Brace and Co.

Kotler, Philip (1991), Marketing Management: Analysis,
Planning, Implementation, and Control. Englewood Cliffs,

NJ: Prentice
All the measurement model paths are significant
at Hall,
p < Inc.
.001. For
Kotovsky,
Kenneth
and Herbert
A. Simon (1990), "What Makes
constructs with single indicators, ax was assumed
as
.85, and
the path
loading was fixed to (.85)0.5.
Some Problems Really Hard: Explorations in the Prob'These parameters have been set to one for fixing
the
of Cognitive
the
lem Space
of metric
Difficulty,"
Psychology, 22, 14383.

construct.

*Not measured for car and TV sets.

Krishnamurthi, Lakshman and S. P. Raj (1991), "An Empirical Relationship Between Brand Loyalty and Consumer Price

Elasticity," Marketing Science, 10 (Spring), 172-83.
Luce,
predicted probability using the proportionality principle. Math- R. Duncan (1959), Individual Choice Behavior. New
York: John Wiley & Sons, Inc.
ematically
Lynch, John G., Jr. (1985), "Uniqueness Issues in the Decompositional Modeling of Multiattribute Overall EvaluaAttraction Effect = P(X;Y,W) - P*(X)
tions: An Information Integration Approach," Journal of
Marketing Research, 22 (February), 1-19.
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